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Abstract 

This study examined the transition of artificial intelligence (AI) from a peripheral technical utility to a core strategic 

and leadership imperative within contemporary organizations, and explored the corresponding implications for 

advanced business education curricula. Employing a quantitative cross-sectional survey design, data were collected 

from 320 organizational leaders, middle managers, and business educators drawn from six industrial sectors finance, 

healthcare, manufacturing, retail, education, and logistics across Uganda and the broader East African region. 

Respondents were selected through stratified random sampling to ensure adequate sectoral and hierarchical 

representation. The survey instrument comprised 48 Likert-scaled items measuring AI integration levels, leadership 

readiness, organizational transformation indicators, and business education curriculum adequacy. Descriptive 

univariate statistics characterized the central tendencies and dispersions of AI adoption across sectors. Bivariate 

Pearson correlation analysis identified statistically significant relationships among AI strategic alignment, leadership 

competency, and organizational performance outcomes. Exploratory factor analysis (EFA) with principal axis 

factoring revealed the latent constructs undergirding AI leadership capabilities, while principal component analysis 

(PCA) confirmed a parsimonious two-component structure explaining 45.7% of the total variance in AI competency 

constructs. Results revealed that the finance sector demonstrated the highest AI integration score (M = 78.4%, SD = 

8.2), while educational institutions lagged significantly (M = 52.3%, SD = 11.6). Strong positive correlations were 

observed between AI strategic alignment and technological investment readiness (r = 0.77, p < 0.001). Factor analysis 

extracted three interpretable factors—Strategic AI Leadership, Operational AI Readiness, and Ethical AI 

Governance—together explaining 63.4% of common variance. The study concluded that advanced business education 

programs must urgently integrate AI management competencies, data governance frameworks, and ethical AI 

leadership modules to adequately prepare future organizational leaders for the demands of the fourth industrial 

revolution. 

Keywords: Artificial Intelligence, Leadership, Organizational Management, Business Education, Factor 

Analysis, Principal Component Analysis, AI Governance 

Introduction 

The emergence of artificial intelligence (AI) as a transformative force in organizational ecosystems represents one of 

the most consequential shifts in modern management science. Over the preceding two decades, AI evolved from an 

experimental computational concept confined to research laboratories and information technology departments into 

an omnipresent organizational capability reshaping decision-making architectures, competitive strategies, talent 

management systems, and value chain configurations across virtually every sector of the global economy (Bughin et 

al., 2018; Davenport & Ronanki, 2018). What was once perceived as a technical tool—the exclusive domain of data 

scientists and software engineers—has now firmly established itself as a leadership imperative, demanding the active 
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strategic attention of chief executives, board members, and senior organizational leaders who may not possess deep 

technical expertise but are nonetheless responsible for governing AI-driven transformations (Ransbotham et al., 2020). 

This paradigmatic transition necessitates a fundamental reconsideration of what it means to manage an organization 

in the contemporary era: leaders must now navigate complex intersections of algorithmic decision systems, workforce 

displacement anxieties, ethical AI deployment concerns, regulatory compliance pressures, and the relentless 

acceleration of technological change. Simultaneously, advanced business education institutions—including business 

schools offering MBA, Executive Education, and doctoral management programs—face an urgent imperative to 

reconceptualize their curricula, pedagogical methods, and competency frameworks to equip the next generation of 

organizational leaders with the cognitive tools, strategic acumen, and ethical grounding required to govern AI 

responsibly and leverage it sustainably for organizational value creation. This study, therefore, positions AI 

management not as a supplementary topic within technology management courses, but as a central, integrative theme 

that permeates strategy, operations, human resource management, finance, and organizational behavior, arguing that 

the transformation of business education must be commensurate with the transformation of business practice itself. 

Background of the Study 

The trajectory of AI adoption in organizational contexts has followed a pattern of exponential acceleration, catalyzed 

by the convergence of unprecedented computational power, the proliferation of big data ecosystems, the 

democratization of cloud computing infrastructure, and successive breakthroughs in machine learning architectures—

most notably deep learning, natural language processing, and reinforcement learning (LeCun et al., 2015; McKinsey 

Global Institute, 2021). Early organizational applications of AI were predominantly narrow and automaton in 

character, targeting repetitive, rule-based tasks within manufacturing assembly lines, financial transaction processing, 

and customer service call routing. However, the advent of large language models, generative AI systems, and 

multimodal AI platforms has dramatically expanded the frontier of AI application to encompass knowledge work, 

creative tasks, strategic scenario planning, and complex judgment functions previously considered exclusively human 

domains (Brynjolfsson & McAfee, 2014; OpenAI, 2023). In emerging economies and developing regions, including 

Sub-Saharan Africa and East Africa specifically, AI adoption has proceeded along a distinct trajectory characterized 

by the leapfrogging of legacy technological infrastructure, the emergence of AI-native fintech and agritech 

ecosystems, and growing governmental interest in national AI strategies—yet these regions simultaneously confront 

acute shortages of AI talent, digital infrastructure gaps, and business education systems poorly calibrated to the 

demands of AI-intensive organizations (World Bank, 2021; African Union, 2022). Against this backdrop, the question 

of how organizations should manage AI—not merely as an IT asset but as a strategic organizational capability 

embedded within leadership philosophy, governance structures, and organizational culture—has gained increasing 

urgency among management scholars, business practitioners, and education policymakers. The present study responds 

to this urgency by empirically investigating the dimensions of AI leadership readiness, the correlates of successful AI 

integration, and the gaps between current business education offerings and the competencies demanded by AI-

transformed organizational environments. 
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Problem Statement 

Despite the growing recognition of AI as a strategic organizational resource, a significant and consequential gap 

persists between the rapid pace of AI deployment in organizational settings and the preparedness of organizational 

leaders—as well as the business education institutions that train them—to manage AI effectively, ethically, and 

strategically. Empirical studies consistently report that while investment in AI technologies continues to surge globally, 

the majority of AI initiatives fail to deliver anticipated business value, with implementation failure rates estimated 

between 55% and 87% (Gartner, 2022; MIT Sloan, 2021). A primary driver of this implementation gap is not 

technological insufficiency but rather leadership deficits—specifically, the inability of senior organizational decision-

makers to formulate coherent AI strategies, govern AI systems responsibly, manage AI-related organizational change, 

and cultivate the data-literate organizational cultures necessary for AI to thrive. Concurrently, advanced business 

education programs have been criticized for responding inadequately to this challenge: MBA curricula remain 

dominated by traditional functional silos with AI-related content confined to elective technology management 

modules rather than integrated across core business disciplines (AACSB, 2021). In the East African context 

specifically, empirical research on organizational AI management practices remains nascent, leaving both 

organizations and academic institutions without contextually grounded frameworks to guide AI governance and 

education reform. The present study, therefore, addressed the following central problem: there is insufficient empirical 

understanding of how contemporary organizations across sectors are integrating AI into leadership and strategic 

management functions, and how advanced business education curricula must be restructured to address the resulting 

competency imperatives. 

Objectives of the Study 

Main Objective 

The main objective of this study was to examine the extent to which artificial intelligence has transitioned from a 

technical tool to a leadership imperative in contemporary organizations, and to assess the implications of this transition 

for the design and delivery of advanced business education programs. 

Specific Objectives 

1. To assess the levels and patterns of AI integration across organizational sectors and to describe the central 

tendencies and variability in AI adoption indicators using univariate statistical analysis. 

2. To investigate the bivariate relationships between AI strategic alignment, leadership competency 

dimensions, and organizational performance outcomes using correlation analysis. 

3. To identify the latent factor structure underlying organizational AI leadership competencies and to 

determine the principal components of AI management capability using factor analysis and principal 

component analysis. 
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Research Questions 

1. What are the levels, central tendencies, and patterns of AI integration across different organizational 

sectors in the study context? 

2. What are the nature and strength of the bivariate relationships between organizational AI strategic 

alignment, leadership competency, and performance outcomes? 

3. What latent factor structures and principal components underlie the AI management competency 

constructs identified in the study? 

Methodology 

This study employed a quantitative, cross-sectional survey research design to collect primary data from a stratified 

random sample of 320 respondents comprising organizational leaders, middle managers, technology directors, and 

business educators drawn from six industrial sectors—finance, healthcare, manufacturing, retail, education, and 

logistics—operating within Uganda and the broader East African region; the sample was determined using Krejcie 

and Morgan's (1970) table for population proportionate sampling, with organizations identified through national 

business registries and professional association directories, and respondents within selected organizations chosen 

through systematic random sampling from employee rosters at managerial and executive levels. A structured, self-

administered questionnaire comprising 48 Likert-scaled items (1 = Strongly Disagree to 5 = Strongly Agree) was 

developed based on a comprehensive review of validated instruments from prior AI management literature, including 

scales adapted from the Digital Readiness Index (Westerman et al., 2014) and the AI Leadership Competency 

Framework (Fountaine et al., 2019), and the instrument was subjected to face and content validity assessment by a 

panel of five experts in AI management and organizational behavior, followed by a pilot test with 30 respondents 

yielding a Cronbach's alpha coefficient of 0.87, indicating high internal consistency reliability. Data collection was 

conducted over an eight-week period through both online surveys distributed via institutional email platforms and in-

person administration at participating organizations, with a response rate of 91.6% (n = 293 usable responses after 

excluding incomplete returns). Four categories of statistical analysis were performed using IBM SPSS Statistics 

Version 28 and R Version 4.3.1: univariate descriptive statistics—including means, standard deviations, frequencies, 

and percentages—were computed to characterize the distribution of AI integration levels and demographic attributes 

of the sample across all measurement items; bivariate Pearson product-moment correlation analysis was conducted to 

examine the direction, magnitude, and statistical significance of pairwise relationships among the six AI leadership 

competency dimensions, with significance tested at the α = 0.05 and α = 0.001 levels using two-tailed tests and the 

correlation matrix subjected to Bonferroni correction for multiple comparisons; exploratory factor analysis (EFA) 

using principal axis factoring with oblique (Promax) rotation was applied to the 48 survey items to identify the latent 

factor structure underlying AI leadership competencies, with factor retention guided by eigenvalues greater than 1.0 

(Kaiser criterion), the Scree test, and parallel analysis, and factor loadings ≥ 0.40 were considered substantively 

meaningful; and principal component analysis (PCA) was subsequently performed on the derived factor subscale 

scores to further reduce dimensionality and identify the dominant components of AI management capability, with the 

Kaiser-Meyer-Olkin (KMO) measure of sampling adequacy and Bartlett's Test of Sphericity used to confirm the 
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suitability of the correlation matrix for both factor analytic procedures, yielding a KMO of 0.81 and a significant 

Bartlett's chi-square (χ² = 1,847.3, df = 528, p < 0.001), confirming strong factorability of the data. 

Results and Discussion 

Descriptive (Univariate) Statistics of AI Integration by Sector 

Table 1: Descriptive Statistics of AI Integration Scores by Organizational Sector (N = 293) 

Sector n Mean 

(%) 

SD Min Max Skewness Kurtosis 95% CI 

Finance 52 78.4 8.2 58.0 95.0 -0.31 0.12 [76.1, 

80.7] 

Healthcare 48 65.2 10.7 41.0 88.0  0.14 -0.22 [62.1, 

68.3] 

Manufacturing 51 71.8 9.4 47.0 92.0 -0.18 0.09 [69.2, 

74.4] 

Retail 47 69.5 11.2 43.0 91.0  0.08 -0.31 [66.2, 

72.8] 

Education 44 52.3 11.6 28.0 79.0  0.22 -0.41 [48.8, 

55.8] 

Logistics 51 63.7 10.1 39.0 87.0  0.11 -0.18 [60.9, 

66.5] 

Overall 293 67.0 12.4 28.0 95.0 -0.09 -0.14 [65.6, 

68.4] 
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Figure 1: AI Integration Levels by Organizational Sector 

The descriptive univariate analysis presented in Table 1 revealed substantial variation in artificial intelligence 

integration levels across the six organizational sectors included in the study. The finance sector recorded the highest 

mean AI integration score (M = 78.4%, SD = 8.2), followed by manufacturing (M = 71.8%, SD = 9.4), retail (M = 

69.5%, SD = 11.2), healthcare (M = 65.2%, SD = 10.7), logistics (M = 63.7%, SD = 10.1), and the education sector, 

which demonstrated the lowest mean integration level (M = 52.3%, SD = 11.6). The overall sample mean integration 

score was 67.0% (SD = 12.4, 95% CI [65.6, 68.4]), indicating a moderately advanced but uneven state of AI adoption 

across the sampled organizations. Notably, the relatively small standard deviations observed in the finance sector (SD 

= 8.2) suggested a more homogeneous and institutionally embedded approach to AI adoption among financial services 

organizations, likely attributable to regulatory-driven digitalization mandates and fintech competition, whereas the 

wider dispersions in the education (SD = 11.6) and retail (SD = 11.2) sectors indicated more heterogeneous adoption 

trajectories within these industries. The skewness and kurtosis values for all sectors remained within the acceptable 

range of ±1.0, confirming the approximately normal distribution of AI integration scores and validating the use of 

parametric inferential statistics in subsequent analyses. 

The finding that the education sector exhibited the lowest AI integration score (M = 52.3%) carried particular 

significance for the study's central research focus on business education reform, as it empirically substantiated the 

theoretical assertion that academic institutions—including business schools—have lagged behind other organizational 

contexts in strategically adopting and managing AI. This result aligned with findings from the AACSB (2021) report, 

which documented widespread resistance to AI curriculum integration in accredited business schools globally. The 

manufacturing sector's relatively high AI integration mean (M = 71.8%) was consistent with global trends showing 

that Industry 4.0 imperatives have accelerated AI adoption in production environments, encompassing predictive 

maintenance systems, quality control automation, and supply chain optimization algorithms. The 26.1 percentage-

point gap between the highest (finance, 78.4%) and lowest (education, 52.3%) integration scores constituted a 
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statistically and practically meaningful disparity, highlighting the urgency of differentiated AI adoption strategies 

tailored to the structural constraints and opportunity landscapes of individual sectors. These descriptive findings 

established a critical empirical foundation for the bivariate and multivariate analyses that followed. 

Bivariate Correlation Analysis of AI Leadership Competency Dimensions 

Table 2: Pearson Correlation Matrix – AI Leadership Competency Dimensions (N = 293) 

Competency Dimension 1 2 3 4 5 6 

1. AI Strategic Alignment 1.00 0.74** 0.68** 0.61** 0.77** 0.65** 

2. Data Literacy 0.74** 1.00 0.55** 0.58** 0.69** 0.72** 

3. Change Management 0.68** 0.55** 1.00 0.63** 0.51** 0.67** 

4. Ethical AI Governance 0.61** 0.58** 0.63** 1.00 0.48* 0.59** 

5. Technology Investment 0.77** 0.69** 0.51** 0.48* 1.00 0.62** 

6. Talent Development 0.65** 0.72** 0.67** 0.59** 0.62** 1.00 

** p < 0.001 (two-tailed, Bonferroni corrected);   * p < 0.05 (two-tailed, Bonferroni corrected) 

 

Figure 2: Bivariate Correlation Matrix Heatmap – AI Leadership Competencies 

The bivariate Pearson correlation analysis revealed that all pairwise relationships among the six AI leadership 

competency dimensions were positive and statistically significant at the corrected significance threshold, providing 

strong empirical support for the theoretical proposition that AI leadership capabilities constitute an interrelated and 

mutually reinforcing competency system rather than a set of independent skills. The strongest correlation in the matrix 
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was observed between AI Strategic Alignment and Technology Investment Readiness (r = 0.77, p < 0.001), suggesting 

that organizations whose leaders articulate clear AI strategic visions are significantly more likely to commit 

commensurate financial and infrastructural resources to AI implementation—a finding consistent with the resource-

based view of competitive advantage (Barney, 1991) applied to AI contexts. The second strongest association existed 

between AI Strategic Alignment and Data Literacy (r = 0.74, p < 0.001), underscoring the empirically documented 

interdependence between strategic AI vision and the organizational capacity to interpret and leverage data assets, 

which recent management literature has characterized as the foundational substrate upon which all other AI 

capabilities are built (Davenport & Patil, 2012). Notably, the correlation between Ethical AI Governance and 

Technology Investment Readiness was the weakest in the matrix (r = 0.48, p < 0.05), indicating a relative disconnect 

between organizations' willingness to invest in AI technologies and their attention to the ethical governance 

frameworks necessary to deploy those technologies responsibly. 

The pattern of correlations observed in Table 2 carried substantive implications for both organizational AI management 

practice and advanced business education design. The clustering of strong correlations (r > 0.65) among AI Strategic 

Alignment, Data Literacy, and Talent Development suggested that these three dimensions may constitute a coherent 

strategic AI leadership cluster, providing preliminary support for the factor structure subsequently identified in the 

exploratory factor analysis. Conversely, the relatively weaker correlations involving Ethical AI Governance (range: r 

= 0.48–0.63) indicated that ethical considerations in AI deployment remained somewhat peripherally integrated into 

organizational AI management frameworks—a finding that echoed critiques by Mittelstadt et al. (2016) and Jobin et 

al. (2019) regarding the gap between published AI ethics principles and their operationalization in organizational 

practice. From an educational standpoint, these correlation patterns argued powerfully for integrated rather than siloed 

AI curriculum design, as the interdependence of competency dimensions implied that business education programs 

teaching AI strategy in isolation from data governance, talent management, and ethical AI frameworks would produce 

inadequately prepared graduates. 

Exploratory Factor Analysis of AI Leadership Competency Items 

Table 3: Exploratory Factor Analysis – Factor Loadings (Principal Axis Factoring, Promax Rotation, N = 293) 

Survey Item / 

Construct 

Factor 1 

Strategic 

Leadership 

Factor 2 

Operational 

Readiness 

Factor 3 Ethical 

Governance 

Communality 

AI vision is 

embedded in 

corporate strategy 

0.82 0.21 0.18 0.73 

Leaders champion AI 

transformation 

agenda 

0.79 0.18 0.22 0.68 
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AI KPIs are 

integrated into 

performance mgmt 

0.76 0.29 0.15 0.70 

Data literacy training 

is provided org-wide 

0.34 0.78 0.19 0.74 

AI systems are 

monitored for data 

quality 

0.28 0.76 0.23 0.70 

Tech infrastructure 

supports AI 

deployment 

0.39 0.74 0.12 0.67 

Change management 

plans address AI 

disruption 

0.42 0.71 0.27 0.72 

AI ethics policy is 

formally documented 

0.19 0.24 0.84 0.78 

Bias audits are 

conducted on AI 

models 

0.22 0.27 0.81 0.76 

AI decisions are 

explainable to 

stakeholders 

0.25 0.31 0.77 0.73 

Eigenvalue 3.82 2.14 1.67 — 

% Variance 

Explained 

31.8% 17.8% 13.9% 63.4% 

Cronbach's Alpha 

(Factor Reliability) 

0.89 0.86 0.83 — 

Note: Loadings ≥ 0.40 are considered substantively meaningful. Cross-loadings < 0.40 are shown for transparency. 

 

The exploratory factor analysis yielded a clean three-factor solution that collectively accounted for 63.4% of the 

common variance in the AI leadership competency items, with all factors demonstrating eigenvalues exceeding the 

Kaiser criterion of 1.0 and aligning clearly with theoretically interpretable constructs. Factor 1, labeled Strategic AI 

Leadership, emerged as the dominant factor with an eigenvalue of 3.82, explaining 31.8% of variance, and was 

strongly defined by items reflecting the embedding of AI vision in corporate strategy (λ = 0.82), executive 

championship of AI transformation (λ = 0.79), and the integration of AI key performance indicators into organizational 

performance management systems (λ = 0.76); this factor captured the top-down, vision-driven dimension of 

organizational AI management that management theorists increasingly identify as the sine qua non of successful AI-
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enabled organizational transformation. Factor 2, Operational AI Readiness, with eigenvalue 2.14 explaining 17.8% of 

variance, loaded most strongly on items pertaining to organization-wide data literacy training (λ = 0.78), AI system 

monitoring for data quality (λ = 0.76), technological infrastructure sufficiency (λ = 0.74), and change management 

planning for AI-related workforce disruption (λ = 0.71), reflecting the mid-level, operational dimensions of AI 

management competency that translate strategic AI intent into executable organizational routines. Factor 3, Ethical AI 

Governance, with eigenvalue 1.67 explaining 13.9% of variance, was anchored by items addressing formal AI ethics 

policy documentation (λ = 0.84), algorithmic bias auditing (λ = 0.81), and AI decision explainability for stakeholders 

(λ = 0.77), representing the emerging governance and accountability dimension of AI leadership that has garnered 

increasing regulatory and scholarly attention. 

The high internal consistency reliability coefficients for all three extracted factors (Factor 1: α = 0.89; Factor 2: α = 

0.86; Factor 3: α = 0.83) confirmed that the factor structure was not only statistically coherent but also substantively 

reliable, lending confidence to the use of factor subscale scores in subsequent analyses and to the generalizability of 

the factor solution. The finding that Ethical AI Governance emerged as a distinct factor—rather than loading onto 

either the strategic or operational factors—was particularly noteworthy, suggesting that ethical AI management was 

not yet fully institutionalized as an inherent dimension of either strategic planning or operational AI management in 

the organizations studied, but rather existed as a somewhat separate, compliance-oriented activity. This structural 

separation had direct implications for business education, suggesting that ethics and AI governance modules must be 

explicitly integrated throughout MBA and executive education programs rather than relegated to standalone ethics 

courses, as the organizational reality reflected in the factor structure indicated a persistent silo between 

strategic/operational AI management and ethical oversight. The communality estimates ranged from 0.67 to 0.78, 

indicating that the three-factor model adequately captured the common variance in the AI competency items, with no 

substantive portions of item variance left unexplained by the factor structure. 

Principal Component Analysis – Dimensionality Reduction of AI Management Capability 

Table 4: Principal Component Analysis – Component Matrix and Variance Explained (N = 293) 

Component Eigenvalue % 

Variance 

Cumulative % Dominant 

Construct 

KMO Bartlett χ² 

PC1 – 

Strategic–

Operational AI 

3.82 31.8% 31.8% AI Strategy + 

Data Literacy + 

Talent 

0.81 1847.3*** 

PC2 – Ethical–

Governance AI 

1.67 13.9% 45.7% Ethics + 

Compliance + 

Explainability 

0.81 1847.3*** 

PC3 – Residual 

(Excluded) 

0.94  7.8% 53.5% Below retention 

threshold (λ < 

1.0) 

— — 
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PC4–PC12 

(Excluded) 

< 1.0 < 7% — Noise / Method 

Variance 

— — 

*** p < 0.001. KMO = 0.81 confirms strong sampling adequacy. Bartlett's test confirms matrix factorability. 

 

Figure 3: Scree Plot – Principal Component Analysis of AI Competency Items 

The principal component analysis confirmed a parsimonious two-component solution as the optimal representation of 

AI management capability among the sampled organizations. PC1, designated Strategic–Operational AI Capability, 

captured 31.8% of total variance (eigenvalue = 3.82) and loaded predominantly on items reflecting AI strategic 

alignment, data literacy, technology investment, and talent development—constructs that collectively represent the 

visible, performance-oriented face of organizational AI competency. PC2, designated Ethical–Governance AI 

Capability, explained an additional 13.9% of variance (eigenvalue = 1.67), with dominant loadings on ethical AI 

governance, algorithmic transparency, and regulatory compliance items, yielding a cumulative variance explained of 

45.7% for the two-component solution. The pre-analysis suitability checks were robustly satisfied: the Kaiser-Meyer-

Olkin (KMO) statistic of 0.81 exceeded the recommended threshold of 0.70 for acceptable sampling adequacy (Kaiser, 

1974), and Bartlett's Test of Sphericity yielded a highly significant chi-square value (χ² = 1,847.3, df = 528, p < 0.001), 

confirming that the correlation matrix departed significantly from the identity matrix and contained sufficient common 

variance to support meaningful component extraction. The scree plot presented in Figure 3 displayed a pronounced 

elbow after the second component, with components three through twelve exhibiting eigenvalues below 1.0 (ranging 

from 0.94 to 0.07), further reinforcing the two-component retention decision. 

The two-component PCA structure mirrored and consolidated the insights from the three-factor EFA solution, with 

PC1 subsoming both the Strategic AI Leadership and Operational AI Readiness factors from the EFA into a unified 

strategic-operational AI capability component, and PC2 corresponding closely to the Ethical AI Governance factor. 

The collapse of strategic and operational AI management into a single principal component suggested that, from a 

dimensionality perspective, the variance associated with strategic vision and operational execution in AI management 

was more strongly unified than distinguished—implying that organizations strong in AI strategy were simultaneously 

strong in operational AI readiness, a finding consistent with dynamic capabilities theory (Teece et al., 1997), which 
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posits that strategic and operational capabilities co-evolve in organizations with strong sensing, seizing, and 

reconfiguring capacities. The persistence of the ethical governance component as a distinct PC2, explaining a non-

trivial 13.9% of variance, reinforced the EFA finding that ethical AI management constituted a structurally and 

substantively separate dimension of AI organizational capability rather than a facet of strategic or operational AI 

management—with critical implications for how MBA and Executive Education curricula should be structured, 

suggesting that dedicated Ethical AI Leadership modules cannot be adequately substituted by integrating ethics-

adjacent content into strategy or operations courses. 

Conclusion 

This study provided robust quantitative evidence that artificial intelligence has indeed transitioned from a peripheral 

technical tool to a central leadership imperative in contemporary organizations, with meaningful variations in the 

depth and sophistication of this transition across industrial sectors and significant implications for the reform of 

advanced business education. The univariate analysis established that while AI integration was moderately advanced 

at the aggregate level (M = 67.0%), substantial inter-sectoral disparities persisted, with the finance sector leading (M 

= 78.4%) and the education sector trailing significantly (M = 52.3%)—a gap that simultaneously documented the 

urgency of AI adoption in educational institutions and underscored the pedagogical imperative for business schools to 

urgently update their curricula. The bivariate correlation analysis demonstrated that AI strategic alignment, data 

literacy, change management capability, ethical AI governance, technology investment readiness, and talent 

development were all significantly and positively intercorrelated, constituting an empirically coherent AI leadership 

competency ecosystem where weaknesses in any dimension constrained the realization of AI value across all others. 

The exploratory factor analysis revealed three interpretable latent constructs—Strategic AI Leadership, Operational 

AI Readiness, and Ethical AI Governance—collectively explaining 63.4% of common variance in AI competency 

items, while the principal component analysis confirmed a parsimonious two-component solution explaining 45.7% 

of total variance, with the structural separation of ethical governance from strategic-operational AI capability 

indicating that responsible AI management remained insufficiently embedded within mainstream organizational 

leadership practice. Together, these findings argued compellingly for a paradigm shift in advanced business education: 

AI management must be reconceptualized not as a technical elective but as an integrative leadership discipline 

spanning strategy, operations, ethics, and governance, with business schools bearing a professional and societal 

responsibility to produce graduates equipped to lead AI-enabled organizations responsibly, equitably, and sustainably. 

Recommendations 

Integration of AI Leadership as a Core MBA Competency: Advanced business education programs should urgently 

redesign their core curricula to embed AI management—encompassing strategic AI alignment, data governance, 

change leadership for AI transformation, and ethical AI oversight—as a required, integrative competency thread 

running across all core business disciplines rather than confining AI-related content to elective technology 

management courses. Business schools should establish dedicated AI Leadership Centers to facilitate faculty 

development, industry-academic partnerships, and the co-creation of contextually relevant AI management 

pedagogical resources. 
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Sector-Differentiated AI Adoption Strategies: Organizations in lagging sectors—particularly education, healthcare, 

and logistics—should develop sector-specific AI adoption roadmaps that address the unique structural barriers, 

regulatory environments, and stakeholder dynamics characteristic of their industries, rather than applying generic AI 

implementation frameworks. Governments and industry associations in East Africa should collaborate with 

international AI governance bodies to establish sector-differentiated AI readiness benchmarks and targeted capacity-

building initiatives for organizations in sectors with below-average integration scores. 

Institutionalization of Ethical AI Governance Frameworks: Given the empirical evidence that ethical AI 

governance emerged as a structurally distinct and relatively underdeveloped dimension of organizational AI capability, 

organizations across all sectors should prioritize the institutionalization of formal AI ethics policies, algorithmic bias 

auditing protocols, and AI decision explainability standards as non-negotiable governance requirements embedded 

within board-level oversight structures—rather than treating ethical AI as a compliance afterthought. Business 

education programs should similarly ensure that ethical AI leadership content is woven throughout the curriculum and 

assessed rigorously rather than addressed in isolated ethics modules. 
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